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Haptic texture synthesis system using neural network structure
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Abstract™ We proposed a framework for haptic texture modeling and rendering. The
framework consists of a data acquisition module, a haptic texture modeling algorithm
by neural network method, and a haptic rendering algorithm using a force feedback
device and a vibrotactile actuator. We evaluated our framework using four different
materials, and the vibration pattern modeled by our framework showed similar
characteristic to the measured one.
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